Our goal in this paper is the study of the impact of FDI on poverty and sustainable development in the case of Tunisia and during the study period from 1985 to 2015. In addition, we use the test unit root of cointegration test, the model error correction of FMOLS and Granger causality. In the case of Tunisia, we find that all variables are integrated of order 1. Thus, we can use the cointegration test. Indeed, the result of the null hypothesis test of no cointegration was rejected at the 5% threshold, which explains the presence of a cointegration relationship between FDI, sustainable development and poverty. Finally, we present and interpreted the results of the estimated FMOLS model and Granger causality test to study the contribution of FDI to the poverty reduction and sustainable development in Tunisia. We find that the LIDE variable measuring foreign direct investment has a significant negative impact on the GINI index. We notice the LCO2 variable that measures the CO2 emissions has a negative and significant impact on poverty as measured by the poverty gap at $ 1.91. We prove that direct foreign investments have a significant negative impact on CO2 emissions. We find that the LIDE variable measuring foreign direct investment has a significant negative impact on the GINI index. We notice the LCO2 variable that measures the CO2 emissions has a negative and significant impact on poverty as measured by the poverty gap at $ 1.91. We prove that direct foreign investments have a significant negative impact on CO2 emissions. We found that the LIDE variable measuring foreign direct investment has a significant negative impact on the GINI index. We notice the LCO2 variable that measures the CO2 emissions has a negative and significant impact on poverty as measured by the poverty gap at $ 1.91. We prove that direct foreign investments have a significant negative impact on CO2 emissions.
Published by IDEAS SPREAD Fauzel et al. (2015) examine the impact of foreign direct investment flows on poverty reduction in some subSaharan countries from 1990 to 2010. They used actual poverty as a measure of poverty reduction; they found that FDI leads to poverty reduction.
Another set of studies found no causality between FDI and poverty. For example, Akinmulegun (2012) addresses the effect of FDI on welfare in Nigeria, using data covering a period from 1986 to 2009 and methodology of vector autoregression (VAR). FDI had an insignificant effect on well-being.
These results are according to a separate study by Ogunniyi and Igberi (2014) who study the impact of FDI on poverty reduction in Nigeria. The period covered by the study is 1980-2012 using the estimation method of ordinary least squares (OLS). They found that FDI has not a significant impact on reducing poverty in Nigeria. Soumare and Gohou (2009) also study the impact of FDI on growth and on reducing poverty empirically using econometric models on panel data between African countries. They examined the contribution of FDI to the reduction of poverty in Africa and all possible differences on the FDI function to reduce poverty among the regions of Africa.
They refused to use the raw data variables such as GDP and FDI and choose to use the reports as net FDI flows over the gross capital formation. This way, they have sought to obtain more accurate and detailed results. They used also the human development index instead of using GDP only as a variable to obtain more precise results on welfare. In this study, they conclude that there is a causal link between FDI and log GDP per capita therefore, FDI can reduce poverty and increase well-being. On the other hand, they indicate that the relationship between FDI and welfare varies greatly between regions of Africa. For example, FDI affects welfare in Central Africa and East, despite its impact in the North and Southern Africa remains insignificant. Umoh et al. (2012) try to verify empirically the proposition that there is a bidirectional relationship between FDI and economic growth in Nigeria between 1970 and 2008 by applying only and simultaneous equation systems (Single and simultaneous equation systems), this was checked.
This finding was consistent to the search Mpanju (2012) which also analyze the impact of FDI inflows on Tanzania in job creation for [1990] [1991] [1992] [1993] [1994] [1995] [1996] [1997] [1998] [1999] [2000] [2001] [2002] [2003] [2004] [2005] [2006] [2007] [2008] . The study adopted a case study design with a quantitative research approach, representing an econometric analysis using ordinary least squares (OLS). The results indicate that there is a strong positive relationship between variables, which means that FDI has a significant impact on the structure of employment opportunities.
In Nigeria, Salami and Oyewale (2013) study the relationship between FDI and employment for the period 1990-2012. The study used the technique for estimating ordinary least squares (OLS). The variables used for this study are the total rate of employment growth, the export rate, the import rates, exchange rates, inflation and FDI. The analysis found a significant link between FDI and employment in Nigeria Similarly, Abor and Harvey (2008) treat the effect of FDI on job creation in Ghana. He provided an overview of the effect of FDI on employment from the perspective of the receiving country. Simultaneous panel regression model was used to estimate the effect of FDI on employment and wages.
The result of this study indicated that FDI has a statistically significant and positive effect on employment levels in Ghana but has an insignificant effect on wages. They estimated that FDI can significantly enhance national efforts in creating more jobs in the economy.
The result showed that FDI affect employment quantitatively but not necessarily qualitatively. The study identified other factors, including; productivity, wages, sub-sector and location have not had much influence on wages in Ghana.
Empirical Methodology
Our goal in this paper is to study the impact of FDI on poverty and sustainable development in the case of Tunisia and during the study period between 1985 and 2015.
In our paper, we will use the model developed by Im and McLaren (2015) to study the impact of FDI on poverty in the countries of North Africa. The model used was as follows:
( ) Published by IDEAS SPREAD population (PU ), government spending (DEP) Market capitalization of listed companies (CBEC), the consumption or use of energy (EU), the inflation rate (INF), energy use renouvlable (CER), the gross capital formation (BCF) and the unemployment rate (CH).
Note that poverty is measured by three indicators:
The GINI index.
The poverty gap at $ 1.91.
The poverty gap of $ 3.1. FDI is measured by the level of FDI to GDP ratio for Tunisia.
The data used in this paper are annual frequency for all variables. These data come from the World Bank database and the International Monetary Fund for the period from 1985 to 2015. The choice of time series is based on one dimension is time (a period of 31 years for a single country is Tunisia.
Data
In this section we will try to make a descriptive analysis of the different results for the study the impact of FDI on poverty and sustainable development in the case of Tunisia. First, let's define the type of estimate is a regression in time series. Our choice is justified by the presence of only one dimension in the data used; this is the dimension of time (a period of 31 years) for a single country.
All of the descriptive statistics of the variables used in this paper are summarized in Table 1 .
According to the results of Table 1 , we found that the LCO2 variable, which expresses logarithm of CO2 emissions, can reach a maximum value of 10.19404. As its minimum value is 9.371529. Its risk is measured by the standard deviation is 0.270399.
The LGINI variable, which measures the logarithm of the GINI index, can reach a maximum value of 3.771150. While its minimum value is 3.578227. Its risk is measured by the standard deviation is 0.066681.
The variable $ LPOV1_91, which measures the logarithm of the gap of poverty threshold of $ 1.91 may reach a maximum value of 1.244155. As its minimum value is -0.916291. Its risk is measured by the standard deviation is 0.817983.
The variable $ LPOV3_1, which measures the logarithm of the poverty gap at $ 3.1 threshold, can reach a maximum value of 2.449279. As its minimum value is 0.741937. Its risk is measured by the standard deviation is 0.629693.
LIDE variable, which measures the logarithm of foreign direct investment, may reach a maximum value of 9.424248. As its minimum value is 0.600417. Its risk is measured by the standard deviation is 1.783758.
Both statistics of asymmetry (skewness) and kurtosis (kurtosis), we can conclude that all variables used in this paper are characterized by non-normal distribution. Then the asymmetry coefficients indicate that all variables are shifted to the left (negative sign of asymmetry coefficients) and is far from symmetrical except for LDEP variables LDF LFBC, LINF, LIDE and LTAJ which are oriented to the right (positive sign of asymmetry coefficients).
Also, the Kurtosis coefficient leptokurtic shows that for all variables used in this paper indicates the presence of a high peak or a large tail in their volatilities (leptokurtic the coefficients are greater than 1).
In addition, the positive sign of estimation coefficients of Jarque-Bera statistics indicates that we can reject the null hypothesis of the normal distribution of the variables used in our paper. In fact, the high value of the coefficients of the Jarque-Bera statistic reflects the series are not normally distributed at a level of 1 percent.
The results shown by the three skew statistics, kurtosis and Jarque-Bera suggest that all variables used in this paper are not normally distributed for the case of Tunisia and during the study period from 1985 to 2015.
Thus, we conducted a test of the correlation between the different variables used in the case of Tunisia and during the study period from 1985 to 2015. Table 2 summarizes the results for the Pearson correlation test.
In addition, the results showed that all coefficients between the explanatory variables do not exceed the tolerance limit (0.7), which does not cause problems in the estimation of the model. That is to say, we can integrate the different variables used in the same model. 
Empirical Analysis

The Unit Root Test
A study of the causal relationship between FDI, sustainable development and poverty in the Tunsie first requires performing stationary tests to determine the order of integration of each series. The test results Augmented DickeyFuller applied to the series are shown in Table 3 for the case of Tunisia.
Thus, the acceptance or rejection of the null hypothesis of the test is based on the value of probability and test statistics indicated. These probabilities are compared with a 10% threshold. If these probabilities are less than 10%, then we reject the null hypothesis and if these probabilities are greater than 10%, then we accept the null hypothesis.
In the case of Tunisia and according to In this test, the p-value is compared to 10%. If the probabilities <10% therefore we reject the null hypothesis and the probabilities> 10% then we accept the null hypothesis. With the null hypothesis all series are non-stationary. (*), (**) and (***) are significant values for the 1% and 5% respectively.
The Cointegration Test
We will present in this part of the test results of cointegration. The test of Engle-Granger cointegration is applied to ensure the long-term relationship between the variables used in this paper to examine the impact of FDI on poverty and sustainable development in Tunisia. Published by IDEAS SPREAD
• The first step is to estimate equation or cointé grations regression by ordinary least squares (OLS) knowing that Xt and Yt are integrated of order 1. This operation will extract the estimated residuals;
The second step will be to test the stationarity of residuals generated from the first stage. If these are stationary, the variables listed in the above regression are cointegrated. Engle and Granger advocate for this, the use of increased Dickey-Fuller test (ADF).
According to the results of both Tables; 4, 5, 6 and 7, we confirmed the existence of a cointegration relationship between the different series studied in this paper. Indeed, the results of the null hypothesis test of no cointegration were rejected at the 5% threshold, which explains the presence of a cointegration relationship.
The results of these tests can determine the use of an error correction model. Also, to test the effect of FDI on poverty and sustainable development in Tunisia, we will perform a FMOLS estimate. 
The Error Correction Model
After testing the cointegration between FDI on sustainable development and poverty in our paper, we'll estimate the model for correction of errors.
The MCE allows modeled together for short-term dynamics (represented by the variables in first differences) and long term (represented by the variables in level). Table 8 , 9, 10 and 11 summarize the estimated error correction model for the three poverty indicators and emissions of CO2 in the case of Tunisia during the study period of 1985 to 2015. For the first measurement of poverty LGINI, we notice that the LCBEC variable that measures the market capitalization of listed companies is statistically significant and negative on poverty at a 10% threshold. So if the market capitalization of listed companies increased by ten units then, poverty decreases by 0.073111 units.
So, we notice that the LDF variable that measures the financial development has a positive and significant impact on poverty at a 10% threshold. That is to say, if the level of financial development increases by ten units, then, poverty increases 0.422133 units.
We notice that the LTAJ variable that measures the youth literacy rate has a negative impact on poverty measured by poverty measured by the Gini index LGINI a 10% threshold. That is to say, if the youth literacy rate increases of 10 units, then poverty, as measured by the GINI index, decreases by 0.350728 units. Note: (*) (**) and (***) are significant values for the 1%, 5% and 10% respectively Table 9 summarizes the estimated error correction model for poverty measured by the poverty gap of $ 1.91 for the case of Tunisia during the study period of 1985 to 2015.
For LIDE variable, and studying the short-term dynamics, we notice that there are no significant variables.
For the second measure of poverty $ LPOV1_91, we also notice that there are no significant variable. For LIDE variable, and studying the short-term dynamics, we notice that only the unemployment rate measured by LCH has a negative and significant impact on foreign direct investment at a 10% threshold. That is to say, if the level of unemployment rises to ten units, then, foreign direct investment fell by 9.486470 units.
For the second measure of poverty $ LPOV3_1, we also find that there are no significant variable. For CO2 emissions (LCO2), we notice that the IDE (t-1) have a positive and significant impact on a threshold of 1% on Sustainable Development at time t in the case of Tunisia. That is to say, if the IDE at the time (t-1) increased by one unit then the CO2 emissions increase of 0.027008 units.
Moreover, foreign direct investment (t-2) have a positive and significant impact on a threshold of 1% on sustainable development measured by CO2 emissions at time t in the case of Tunisia. That is to say, if foreign direct investment at the time (t-2) increased by one unit then the CO2 emissions increase of 0.018978 units.
We noticed that emissions of CO2 at the time (t-1) has a negative and significant effect on CO2 emissions at time t with a threshold of 5%. This means that if the CO2 emissions at the time (t-1) increased by five units then they decrease of 1.004283 units at time t.
Also, emissions of CO2 at the time (t-2) has a negative and significant effect on CO2 emissions at time t with a threshold of 5%. This means that if emissions of CO2 at the time (t-2) increase of five units then they decrease of 0.647582 units at time t.
We noted that the unemployment rate measured by LCH has a positive and significant impact on emissions of CO2 at a 10% threshold. That is to say, if the level of unemployment rises to ten units, then the CO2 emissions increase of 0.223942 units.
Finally, is statistically significant and positive at a 1% level. LFBC tied variable which measures the gross formation of capital stock also has a positive and significant impact on foreign direct investment with a threshold of 1%. That is to say, if the level of gross fixed capital stock increases by one, while foreign direct investment increased by 0.019047unité s. 
The Estimation Results FMOLS
The panel FMOLS method proposed by Pedroni (1996 Pedroni ( , 2000 solves problems of heterogeneity in the sense that it allows the use of heterogeneous cointegrating vectors. For Maeso-Fernandez et al. (2004) , FMOLS estimator takes into account the presence of the constant term and the possible existence of correlation between the error term and differences estimators.
Adjustments are made to this effect on the dependent variable and long-term parameters obtained by estimating the fitted equation. In the case of panel data, the long-term coefficients from the FMOLS art are obtained by the average group of estimators with respect to the sample size (N).
The estimate of the four models is summarized in Tables 12, 13, 14 and 15.
In addition, the determination of coefficients for the four estimated models are higher than 0.7, therefore, the four estimated models are characterized by a good linear fit.
The first is the variable For FMOLS estimate of the first indicator of poverty, we noticed that there are ten significant variables, but with different signs (Table 12) .
We find that the LIDE variable measuring foreign direct investment has a significant negative impact on the Gini index to a threshold of 1%. That is to say, if the level of FDI increases by one, then poverty as measured by the GINI index decreases by 0.004479 units.
The LCBEC variable that measures the market capitalization of listed companies is negative and statistically significant at a threshold of 1%. So if the market capitalization of listed companies increased by one then, poverty measured by the GINI index decreases by 0.066272 units.
We notice that the LDEP variable measuring government spending has a negative impact on poverty as measured by the GINI index to a threshold of 5%. That is to say, if the level of public spending increases of five units, then poverty as measured by the GINI index decreases by 0.123287 units.
So we notice that the LDF variable that measures the financial development has a positive and significant impact on poverty at a threshold of 1%. That is to say, if the level of financial development increases by one, then poverty as measured by the GINI index increases by 0.135372 units.
Is statistically significant and positive at a 1% level. nouThe LFBC variable that measures the gross formation of capital stock also has a negative and significant impact on the Gini index to a threshold of 1%. That is to say, if the level of gross fixed capital stock increases by one, then, poverty decreases by 0.004864 units.
We notice that the LINF variable that measures the rate of inflation has a positive impact on poverty as measured by the GINI index to a threshold of 5%. That is to say, if the inflation rate increases by five units, then poverty as measured by the GINI index increases by 0.004743 units.
Is statistically significant and positive at a 1% level. nouThe LPU variable that measures the urban population also has a significant negative impact on the Gini index to a threshold of 5%. That is to say, if the level of the urban population increases by five units, then, poverty decreases by 0.453455 units.
We find that the LTAJ variable which measures the youth literacy rate has a negative impact on poverty measured by the Gini index to a threshold of 1%. That is to say, if the youth literacy rate increments, then, poverty measured by the Gini index decreases 0.215407 units.
Finally, the LUE variable which measures the level of energy consumption is statistically significant and positive for a threshold of 5%. So if the power consumption increases five units then, poverty measured by the GINI index increases by 0.206150 units. The first is the variable For FMOLS estimate of second indicator of poverty, we notice that there are four significant variables, but with different signs (Table 13 ).
We find that the LCO2 variable that measures the CO2 emissions has a negative and significant impact on poverty as measured by the poverty gap at $ 1.91 a threshold of 1%. That is to say, if the level of CO2 emissions will increase by one, then poverty as measured by the poverty gap at $ 1.91 reduced by 5.277719 units.
We notice that the LDEP variable measuring government spending has a negative impact on poverty as measured by the poverty gap at $ 1.91 a threshold of 1%. That is to say, if the level of public spending increases by one, then poverty as measured by the poverty gap at $ 1.91 reduced by 2.138600 units.
We notice that the LINF variable that measures the rate of inflation has a positive impact on poverty as measured by the poverty gap at $ 1.91 for a 10% threshold. That's to say, if inflation increases by ten units, then poverty as measured by the poverty gap at $ 1.91 increases 0.059823 units.
Is statistically significant and positive at a 1% level. nouThe LPU variable that measures the urban population also has a negative and significant impact on poverty as measured by the poverty gap at $ 1.91 a threshold of 1%. That is to say, if the level of the urban population increases by one, then poverty as measured by the poverty gap at $ 1.91 increases 11.00534 units. (Table 14) .
We find that the LIDE variable measuring foreign direct investment has a negative and significant impact on poverty as measured by the poverty gap at $ 3.1 with a 5% threshold. That is to say, if the level of FDI increases five units, then poverty as measured by the poverty gap at $ 3.1 decreases 0.028766 units.
We find that the LCO2 variable that measures the CO2 emissions has a negative and significant impact on poverty as measured by the poverty gap at $ 3.1 with a threshold of 1%. That is to say, if the level of CO2 emissions will increase by one, then poverty as measured by the poverty gap at $ 3.1 decreases 3.343223 units.
The LCBEC variable that measures the market capitalization of listed companies is negative and statistically significant at a threshold of 5%. So if the market capitalization of listed companies increased by five units then measured by the poverty gap of $ 3.1 poverty decreases by 0.196622 units.
We notice that the LDEP variable measuring government spending has a negative impact on poverty measured by the poverty gap at $ 3.1 with a 5% threshold. That is to say, if the level of public spending increases of five units, then poverty as measured by the poverty gap at $ 3.1 decreases 1.246966 units.
We notice that the LINF variable that measures the rate of inflation has a positive impact on poverty as measured by the poverty gap at $ 3.1 with a 10% threshold. That is to say, if the inflation rate increases by ten units, then poverty as measured by the poverty gap at $ 3.1 increases 0.038112 units.
, Is statistically significant and positive at a 1% level. nouThe LPU variable that measures the urban population also has a positive and significant impact on poverty as measured by the poverty gap at $ 3.1 with a threshold of 1%. That is to say, if the level of the urban population increases by one, then poverty as measured by the poverty gap at $ 3.1 increases 6.452835 units. The first is the variable For FMOLS estimate of sustainable development, we notice that there are 11 significant variables, but with different signs (Table 15) .
We find that the LGINI variable measuring poverty has a positive impact on emissions of CO2 at a threshold of 1%. That is to say, if poverty increases by one, then the CO2 emissions increase of 0.858714 units.
We notice that poverty measured by the poverty gap at $ 3.1 a negative impact on emissions of CO2 at a 10% threshold. That is to say, if measured by the poverty gap of $ 3.1 poverty increases by ten units, then the CO2 emissions decrease to 0.197871 units.
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Vol. 1, No. 1; 2018 Published by IDEAS SPREAD We find that the LIDE variable measuring foreign direct investment has a negative and significant impact on emissions of CO2 at a 10% threshold. That is to say, if the level of foreign direct investment increased by 10 units, while the emissions of CO2 0.004131 units.
Is statistically significant and positive at a 1% level. nouThe variable measuring LCER the consumption of renewable energy also has a significant negative on CO2 emissions to a level of 5%. That is to say, if the level of consumption of renewable energy increased by five units, while the CO2 emissions decrease to 0.254515 units.
We notice that the LDEP variable measuring government spending has a negative impact on emissions of CO2 at a 10% threshold. That is to say, if the level of public spending increases by ten units, then the CO2 emissions decrease to 0.161988 units.
So we notice that the LDF variable measuring financial development in a negative and significant impact on emissions of CO2 at a threshold of 5%. That is to say, if the level of financial development increases five units, while the CO2 emissions decrease to 0.124330 units.
Is statistically significant and positive at a 1% level. nouThe LFBC variable that measures the gross formation of capital stock also has a positive and significant impact on emissions of CO2 at a threshold of 1%. That is to say, if the level of gross fixed capital stock increases by one, then the CO2 emissions increase of 0.013852 units.
The LPIB variable that measures the GDP growth rate is statistically significant and negative at the 1% level. So if the GDP growth rate increased by one then the CO2 emissions decrease to 0.006346 units.
Is statistically significant and positive at a 1% level. nouThe LPU variable that measures the urban population also has a positive and significant impact on emissions of CO2 at a threshold of 1%. That is to say, if the level of the urban population increases by one, then the CO2 emissions increase by 3.064975 units.
We find that the LTAJ variable that measures the youth literacy rate has a positive impact on emissions of CO2 at a threshold of 5%. That is to say, if the youth literacy rate increases five units, while the CO2 emissions increase of 0.293943 units.
Finally, the LUE variable which measures the level of energy consumption is statistically significant and negative at a threshold of 5%. So, if power consumption increases five units then the CO2 emissions decrease to 0.451683 units. 
The Causality Test
We need to check whether the IDE cause poverty and sustainable development or poverty and sustainable development are causing FDI in Tunisia.
Acceptance or rejection of the null hypothesis of Granger causality test is based on a threshold of 5%. If the probability of the test is less than 5% in this case we reject the null hypothesis and if the probability is greater than 5% then we accept the null hypothesis of no causality.
Tables 16, 17, 18 and 19 summarize all the results of causality test for the three indicators of poverty and sustainable development in the case of Tunisia and for the study period of 1985 to 2015.
According to Table 16 , we noticed that there is a unidirectional relationship between financial development and poverty as measured by the GINI index Granger. Only the GINI index can cause Granger financial development.
Thus, we noticed that there is a unidirectional relationship between Youth literacy rateand poverty measured by the Gini index Granger. Alone, Youth literacy rate can cause Granger poverty as measured by the GINI index.
Thus there is no causal relationship between the Gini index and other senses to control variables Granger as their probability values are greater than 0.05, which allow accepting the null hypothesis of the test. According to Table 17 , we find that there is a unidirectional relationship between financial development and poverty measured by the gap of $ 1.91 Granger. Only poverty measured by the gap of $ 1.91 may result Granger financial development. According to Table 18 , we found that there is a one way relationship public spending and poverty measured by the gap of $ 3.1 Granger. Only poverty measured by the gap of $ 3.1 can cause Grangerpublic spending.
Indeed, we find that there is a unidirectional relationship between financial development and poverty measured by the gap of $ 3.1 Granger. Only poverty measured by the gap of $ 3.1 can cause Granger financial development.
In addition, we notice that there is no causal relationship between poverty gap of $ 3.1 and other senses to control variables Granger as their probability values are above 0.05 that allow for accept the null hypothesis of the test. According to Table 19 , we found that there is a unidirectional relationship between the CO2 emissions and the unemployment rate Granger. Only the CO2 emissions can cause Granger unemployment rate.
Indeed, we found that there is a bidirectional relationship between financial development and emissions CO2 Granger. That is to say, financial development can cause Granger's CO2 emissions. Thus, CO2 emissions can cause Granger financial development.
In addition, we found that there is a unidirectional Granger relationship between the CO2 emissions and gross fixed capital stock. Alone, gross fixed capital stock can cause Granger the CO2 emissions.
Also, there is a one-way Granger relationship the CO2 emissions and GDP growth rate. Alone, GDP growth rate can cause Granger the CO2 emissions.
Finally, there is a one-way Granger relationship the CO2 emissions and consumption of energy. Only, the CO2 emissions can cause Granger consumption of energy in Tunisia.
In addition, we noticed that there is no causal relationship between CO2 emissions and other controls Granger as their probability values are above 0.05 that allow accepting the null hypothesis testing. 
Conclusion
Our goal in this paper is the study of the impact of FDI on poverty and sustainable development in the case of Tunisia and during the study period from 1985 to 2015. In addition, the results showed that all the correlation coefficients between the explanatory variables do not exceed the tolerance limit (0.7), which does not cause problems when the estimation of the model. That is to say, we can integrate the different variables used in the same model. Indeed, the results of the null hypothesis test of no cointegration were rejected at the 5% threshold, which explains the presence of a cointegration relationship between FDI, sustainable development and poverty. Finally, we present and interpreted the results of the estimated FMOLS model and Granger causality test to study the contribution of FDI to the poverty reduction and sustainable development in Tunisia.
